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[ Abstract)
high-throughput extraction of quantitative imaging features which helps to capture intratumoral heterogeneity,

Lymphomas are a group of malignant tumors with high heterogeneity. Radiomics enables

and artificial intelligence ( Al) further enhances the efficiency and accuracy. Recently, modeling strategies
that combine radiomics, Al, and multiple biological biomarkers have gradually matured, thus enhancing the
robustness and generalizability of models. This review summarizes the advances of "*F-FDG PET/CT ra-
diomics and Al in lymphoma management, with a specific focus on their applications in diagnosis, prognos-
tic prediction, and treatment response assessment, aiming to provide methodological insights for future re-
search in this field.
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