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[ Abstract]

tures, including micropapillary, solid, cribriform, and complex gland types, which are significantly associ-

High-grade patterns (HGP) in lung adenocarcinoma encompass various pathological fea-

ated with early recurrence and poor prognosis. Currently, postoperative pathology serves as the gold standard
for diagnosing HGP. Traditional invasive methods like needle biopsy face limitations in sensitivity and tissue
sampling, and preoperative non-invasive precise identification remains challenging. In recent years, rapid
advances in imaging technology have provided crucial tools for predicting HGP preoperatively. This review
summarizes the research progress in imaging-based prediction methods for HGP in lung adenocarcinoma, fo-
cusing on the role and value of CT visual feature analysis, radiomics model construction, deep learning algo-
rithm application, PET/CT metabolic parameter assessment, and multimodal information fusion strategies in
HGP identification. It aims to provide reference and guidance for related research and clinical practice.
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