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[ Abstract)

diseases seriously threaten human life, and nuclear medicine has shown its unique advantages in the diagno-

Radiomics has become an important means of medical imaging diagnosis. Cardiovascular

sis of cardiovascular diseases. In this field, relevant studies on the combination of nuclear medicine and ra-
diomics have achieved some results. The combination of two technologies has great application prospects, but
there are also some challenges. This paper reviews the basic principles of radiomics, the advantages and
clinical applications of nuclear medicine in the diagnosis of cardiovascular diseases, the current research sta-
tus, challenges and foreground of radiomics combined with nuclear medicine in the diagnosis of cardiovascular

diseases, in order to provide some useful thoughts for further research.
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